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Abstract

Objectives This data note documents influenza-like illness (ILI) notifications in Iran by county from 2015 to 2019 as a
pre-COVID-19 dataset, providing individual and spatial data for further comprehensive spatiotemporal analysis. Due to
the high contagion rate of ILI and global health impact, precise geographic mapping serves as a critical tool for public
health officials and researchers to monitor, mitigate, and predict epidemics. By utilizing advanced spatial-temporal
epidemiological analysis to study disease occurrence patterns, this geodatabase can enable a better understanding
and more effective management of ILIs in the future.

Data description This is the most comprehensive dataset of all individual ILI notifications in Iran between 2015

and 2019 by date of naotification and county (398 counties). The database includes two data files, a help file, and a
data usage agreement: Data File 1 is an Excel (xIsx) file detailing demographic and clinical information from 109,919
ILI notifications nationwide, covering county and date of notification, patient demographics, admission details,
sample types, differential diagnosis, medical history, mortality details, test results, and symptoms. Data File 2 contains
spatiotemporal information in polygon shapefiles (.shp), mapping ILI notification locations by county with data on
case counts for each year, total population, gender distribution, and geographic coordinates.
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Objective

Influenza-like illness (ILI) is a highly contagious acute
respiratory syndrome characterized by symptoms such
as fever (=38 °C) and cough within the past ten days [1,
2]. The global burden of ILI is significant, with frequent
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Table 1 Overview of data files/data sets

Label Name of File types Data repository and
data file/ (file identifier (DOI or accession
data set extension) number)
Data  Individual MS Excel file Harvard Dataverse https://doi
file 1 data of ILI (*xIsx) .0rg/10.7910/DVN/OGK09I [9]

cases

Data  Spatiotem-  Polygonalfea-  Harvard Dataverse https://doi

file2  poraldataof turesshapefile .org/10.7910/DVN/OGK09I [9]
ILI cases format (*.shp)
Data  Help file MS Excel file Harvard Dataverse https://doi
file 3 (*Xlsx) .0rg/10.7910/DVN/OGK09I [9]
Data  Datausage  Portable Docu- Harvard Dataverse https://doi
file4  agreement ment Format .0rg/10.7910/DVN/OGKO9I [9]
(*.pdf)

more precise surveillance and better data to inform pub-
lic health strategies [5].

Effective management of ILI requires comprehen-
sive datasets that include spatiotemporal information to
identify high-risk areas and guide targeted interventions.
Such datasets are crucial for precision public health
approaches, enabling health officials and researchers to
allocate resources efficiently and implement control mea-
sures where they are most needed [6]. This study focuses
on compiling a detailed geodatabase of ILI notifications
in Iran at the county level from 2015 to 2019. The dataset
is designed to support spatiotemporal analysis by provid-
ing a robust foundation of spatially indexed data with the
capability to add additional socio-economic or environ-
mental variables in the future.

While this dataset does not integrate socio-economic
or environmental data, it offers a critical resource for ini-
tial spatiotemporal analysis of ILI patterns and contrib-
utes to the development of spatial tools that enhance our
understanding of ILI dynamics. These insights can lay
the groundwork for future studies exploring the impact
of socio-economic and environmental factors on ILI dis-
tribution. The ultimate goal is to equip decision-makers
with the tools and knowledge needed to predict future
ILI burdens, optimize resource allocation, and imple-
ment targeted interventions, particularly in the most
vulnerable areas. This comprehensive approach will sig-
nificantly advance spatial epidemiology and improve our
understanding of ILI transmission dynamics.

Data description

In this study, data for the entire country of Iran, located
in West Asia, were collected from three different sources.
Data on ILI notifications were obtained from Iran’s influ-
enza surveillance system (IISS) for four consecutive years,
from March 21, 2015, to March 20, 2019. This dataset
included 109,919 individuals who visited health centers
and hospitals due to ILI symptoms. Population data were
gathered from the most recent census conducted in Iran

Page 2 of 3

in 2016, sourced from the Population and Housing Cen-
sus of Iran. These data include the total population, the
total male population, and the total female population
for each county separately. We geocoded the locations of
the notifications to county. To calculate the incidence and
case fatality rate (CFR) of ILI based on age and gender
in each county, five age groups were used, namely: 0-5,
6—49, 50-64, 65—74, and over 75 years.

This dataset includes four files, each providing essential
information for ILI notifications (Table 1). The first file,
Data File 1, is an Excel (*.xlsx) file that contains demo-
graphic and clinical information for 109,919 ILI cases
diagnosed across the country. Each row in this file pro-
vides detailed data, including the gender and age group
of the patient, the county (one of 398 counties) where
the patient was admitted, and the date of admission.
Additional fields include the year and month order of
admission, the type of sample received, differential diag-
nosis, medical history, comorbidities, hospital treatment,
patient outcome (whether the patient died or not), date
of death (if applicable), test result, and symptoms.

Data File 2 offers spatiotemporal data of ILI notifica-
tions and includes polygon shapefiles (*.shp) that indicate
the locations of all ILI cases collected at the county level.
This file provides data organized by county boundaries
and includes the identification code and name of each
county. It also details the number of ILI notifications in
each county by year, the total number of cases, total pop-
ulation, population by gender, and geographic coordi-
nates (latitude and longitude). This geospatial component
is crucial for understanding the distribution and spread
of ILI notifications within different regions.

The third file is an Excel help file designed to assist
users in navigating and utilizing the data provided in the
other two files. This additional documentation ensures
that researchers can accurately interpret the data and
apply it effectively in their analyses. Data File 4 contains
the data usage agreement that researchers must accept in
order to gain access to Data File 1.

When utilizing our dataset for further research, it is
important to consider region-specific factors that may
influence the spatiotemporal patterns of ILI in Iran. The
country’s diverse climatic zones, ranging from humid
coastal regions to arid and semi-arid areas, can affect sea-
sonal disease trends. Additionally, disparities in health-
care access, population density, and socio-economic
conditions may impact notification rates and reporting
accuracy. Population mobility, particularly in provinces
with major metropolitan areas, pilgrimage sites, or bor-
der crossings, could also contribute to fluctuations in
disease incidence. While our dataset does not directly
include mobility data, researchers should account for its
potential influence when interpreting regional trends.
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The dataset presented in this study could be invaluable
for researchers in various fields such as spatial epidemi-
ology, public health, and health services research [7]. By
leveraging this comprehensive dataset, researchers can
uncover critical insights into the spread and impact of
ILI and help guide strategies to reduce future burden [8].
The resource and associated tools that will be developed
through use of this data, can subsequently inform health
policymakers and urban planners in developing appro-
priate strategies to mitigate the risk of ILI across commu-
nities. Table 1 provides an overview of the dataset, which
has been uploaded to the Harvard Dataverse [9].

Limitations

We used the 2016 census data as the reference for popu-
lation data in our data note, which may affect future anal-
yses. However, it should be noted that this was the most
up-to-date information available for our study, and given
that the census occurred approximately in the middle of
period related to this data, we believe that linked census
indicators will fairly be representative for this period.
However, the lack of annual population estimates pre-
vented us from accounting for potential demographic
shifts over time. It is also worth mentioning that this
dataset considers all ILI notifications, which differ from
ILI patients since one person could appear in the data-
base more than once. This distinction is crucial for accu-
rately interpreting the data and ensuring that analyses
account for potential duplicates.
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