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Abstract
Objectives With the expansion of social networks such as Twitter, many experts share their opinions on various 
topics. The opinions of experts, who are also known as influencers, can be very influential. Combining these tweets 
and the historical prices of cryptocurrencies makes it possible to predict their price trends accurately. A Hybrid of 
RoBERTa deep neural network and BiGRU has been used for Sentiment Analysis (SA). Sentiments of tweets can be of 
great help to investors to understand the future behavior of the market and manage the stock portfolio. Unlike the 
tweets that are only extracted using the cryptocurrency name hashtag, the tweets of this dataset have specialized 
opinions and can determine the market trend.

Data description The dataset created in this research concerns the opinions of more than 52 influencers (persons 
or companies) regarding eight cryptocurrencies. This dataset was collected through the Apify Twitter API for eight 
months, from February 2021 to June 2023. This dataset contains five Excel files and tweets, compound score, 
importance coefficient of each tweet, sentiment polarity, and historical prices of four cryptocurrencies: Bitcoin, 
Ethereum, Binance, and other information. These tweets cover the opinions of 52 influencers on more than 300 
cryptocurrencies, although most comments are related to Bitcoin, Ethereum, and Binance. For this reason, three Excel 
files containing the historical prices of polarity and compound sentiment related to Bitcoin, Ethereum, and Binance 
cryptocurrencies have been placed separately in the dataset. The polarity of sentiment in these Excel shows the 
maximum number of polarities by applying the importance coefficient, which determines the dominant polarity of 
sentiment related to a particular day for the cryptocurrency.
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Objective
It has been shown in state-of-arts [1–3] that sentiment 
analysis effectively predicts the price trend of cryptocur-
rencies. In this research, the tweets of 52 influencers spe-
cializing in cryptocurrency were extracted using the API 
of the APIFY website from February 2021 to June 2023. 
Influencers’ tweets are essential because they contain 
expert opinions and can determine the market’s direc-
tion. To the best of the authors’ knowledge, this dataset 
is the first to include influencer tweets about more than 
300 cryptocurrencies and sentiment polarity, unlike 
other datasets [4–6] that only cover one or two crypto-
currencies through hashtag mining. In addition to the 
polarity of tweets, this dataset includes the combination 
of polarities and importance factors for each tweet. After 
extracting and preprocessing the tweets, their polar-
ity is determined by the combined model of RoBERTa 
and BiGRU and using the attention layer. In the dataset, 
another column called “new_coins” represents the name 
of the cryptocurrencies mentioned in the tweet. The pri-
mary purpose of this dataset is to provide specialized 
tweets for different cryptocurrencies. Kia et al. [7] have 
tested the quality of the previous version of this dataset 
on 40 cryptocurrencies. This dataset helps researchers 
analyze the opinions published on Twitter on the trends 
of a wide range of cryptocurrencies. The introduced 
data package includes four exclusive datasets for Bitcoin, 
Ethereum, Binance, and Dogecoin, which contain infor-
mation such as historical prices, sentiment polarity, and 
sentiment compound. The polarity of sentiment for these 
four cryptocurrencies on any particular day is the maxi-
mum sum of different polarities by applying the impor-
tance coefficient. For example, suppose there are three 
positive comments with an importance factor of 0.2 and 
2 negative comments with an importance factor of 0.4 in 
i-th for cryptocurrency j. In that case, we consider the 
polarity of the cryptocurrency to be negative.

Data description
This dataset is published as a package and has five data-
sets. Two datasets include tweets of 52 influencers spe-
cializing in cryptocurrencies. In these tweets, there are 
expert opinions about more than 300 cryptocurren-
cies. The tweets were collected between February 05, 
2021, and June 12, 2023, through the Twitter API of the 
Apify website. These tweets in three datasets related to 
Bitcoin, Ethereum, and Binance cryptocurrencies are 
limited from January 01, 2023, to June 12, 2023, due to 
extreme price fluctuations and changing political con-
ditions. However, the data related to the period from 
February 2021 to June 2023 is available in two other 
datasets, including tweets. After extracting tweets, pre-
processing operations were performed on the collected 
tweets, including stopwords removal, limitation, and 
equalizations. Then, general tweets, that is, tweets that 
do not contain information about any cryptocurrency, 
are removed. The cleaned data is injected into the com-
bined neural network of RoBERTa, BiGRU, and the atten-
tion layer, and the polarity and sentiment compound is 
obtained. Then, the importance coefficient has been cal-
culated for each tweet. Calculating the importance coeffi-
cient is essential because it assigns a different importance 
coefficient to tweets according to users’ attention. In 
assigning this coefficient, the number of followers of the 
user is not taken into account. So, the importance of the 
tweet from the user’s point of view is calculated by con-
sidering the parameters of the number of likes, retweets, 
and comments. This dataset package has been made 
available along with Python codes for preprocessing and 
sentiment analysis of tweets based on the information in 
Table 1.

The information of Dataset 1 is: (1) created_at, (2) 
favorite_count, (3) full_text, (4) reply_count, (5)retweet_
count, (6)clean_text (7)importance_coefficient, (8) 
importance_coefficient_normalized, (9)new_coin, (10) 
score ,and (11) sentiment_type. In the mentioned fea-
tures, “created_at” is the time of publishing the tweet, 
“favorite_count” is the number of likes of the tweet, 

Table 1 Overview of data files/data sets
Label Name of data file/data set File types

(file extension)
Data repository and 
identifier (DOI or accession 
number)

Data 
set 1

dataset_52-person-from-2021-02-05_2023-06-12_21-34-17-266_with_sentiment Excel (.csv) Mendeley Data (https://doi.
org/10.17632/8fbdhh72gs.5)[8]

Data 
set 2

btc_selected_with_sentiment_2023_01_02_2023_06_12 Excel (.csv) Mendeley Data (https://doi.
org/10.17632/8fbdhh72gs.5)[8]

Data 
set 3

bnb_selected_with_sentiment_2023_01_02_2023_06_12 Excel (.csv) Mendeley Data (https://doi.
org/10.17632/8fbdhh72gs.5)[8]

Data 
set 4

eth_selected_with_sentiment_2023_01_02_2023_06_12 Excel (.csv) Mendeley Data (https://doi.
org/10.17632/8fbdhh72gs.5)[8]

Python 
code

Preprocessing and sentiment analysis Python(.ipynb, 
.docx)

Mendeley Data (https://doi.
org/10.17632/8fbdhh72gs.5)[8]

https://doi.org/10.17632/8fbdhh72gs.5)[8]
https://doi.org/10.17632/8fbdhh72gs.5)[8]
https://doi.org/10.17632/8fbdhh72gs.5)[8]
https://doi.org/10.17632/8fbdhh72gs.5)[8]
https://doi.org/10.17632/8fbdhh72gs.5)[8]
https://doi.org/10.17632/8fbdhh72gs.5)[8]
https://doi.org/10.17632/8fbdhh72gs.5)[8]
https://doi.org/10.17632/8fbdhh72gs.5)[8]
https://doi.org/10.17632/8fbdhh72gs.5)[8]
https://doi.org/10.17632/8fbdhh72gs.5)[8]
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“full_text” is the full text of tweet, “reply_count” is the 
number of times the tweet has been replied, “retweet _
count” is the number of retweets, “clean_text” is the text 
after preprocessing, “new _coin” The name of the coin is 
mentioned in the tweet, “score” shows the score of each 
of the positive, negative, and neutral polarities, and “com-
pound” shows the degree of the sentiment of the text. 
Datasets 2, 3, and 4 also include the feature of the histori-
cal prices of the three cryptocurrencies, Bitcoin, Ethe-
reum, and Binance, along with the features of changes, 
compound, and sentiment_type. The changes column 
shows the change (positive or negative) of the cryptocur-
rency price on the i-th day compared to the (i-1)-th day.

Limitations
There are no limitations in the datasets, and the accounts 
used in the datasets to extract tweets are public.
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